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POMDF:Partially Observable Markov Dicsion Process
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DQN(Deep Q-Learning Net
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Algorithm Bayes_filter(bel(z¢—1), us, z¢):
for all z; do
bel(xy) = [ p(zy | 'H-i._.l‘:l) bel(x;_1) dz
bel(xy) = 1 p(z | ) bel(xy)
endfor
return bel (x; )

Table 2.1 The general algorithm for Bayes fi ltering.
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— Maximum Entropy Deep Inverse Reinforcement
Learning (ICPR2015)

— Inverse Reinforcement Learning with Locally
Consistent Reward Functions (NIPS2015)




Maximum Entropy Deep Inverse
Reinforcement Learning
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Inverse Reinforcement Learning with
Locally Consistent Reward Functions
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